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@ Who Is Mike Ferguson? — A Leading Analyst in Data Management & Analytics
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Founded 1992

@ Big Data LDN - Leading The Industry In Data Management and Analytics

Mike Ferguson Is a Leading Industry Analyst / Consultant and Conference Chairman of

[#iss

Welcome To Big Data LDN 2023
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largest data & analytics
conference in Europe

* 20000 delegates

» 180 vendors

* 15 theatres
300+ speakers
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About Intelligent Business Strategies

= UK-based independent IT analyst and consulting firm founded 1992 specialising in data management and
analytics

= Mike Ferguson is co-founder of the Data and Analytics Retreat and Conference Chairman Big Data LDN

= Three main lines of business

Research Education Consulting
Market research « Data Strategy « Customers
4t Industrial * How to Govern Data Across a Distributed Data « D&A Strategy, Data Architecture
Revolution Survey Landscape « D&A Technology selection
Practical Guidelines for Implementing a Data Mesh « D&A Reviews, Data Governance
D&A product research * Modern Data Architecture « Implementation Project advisory
« Data Catalogs * DW Modernisation * Vendors
Data Fabric « DW Migration to the Cloud ¢ Product strategy
Data Governance « Embedded Analytics, Intelligent Apps & Al * Product positioning
Master Data Automation * Marketing support
Management « Speaking at vendor events
Distributed DBMS * Public classes (anyone) *  White papers
Analytical DBMS * On-site classes (single client) *  Webinars
Customers, vendors, systems integrators * Venture Capitalists
On-line (public & on-sites) « Due-diligence, Asset advisory

www.intelligentbusiness.biz
Copyright © Intelligent Business Strategies 1992-2024 5

Topics

= What is master data management?

= How does Al help in building master data entities?
* Automated enrichment of master data business terms in a business glossary
* Using generative Al to build a data models for master data
* Using Al to auto discover physical master data and map it to a business glossary
* Automating sensitive data detection and master data metadata enrichment using Al
* Using generative Al to create data quality rules to detect poor quality source data
* Al-assisted data cleansing and join recommendations in data engineering
* Using Al to automate matching to create master data
* Using Generative Al to build pipelines to create master data products

= Generative Al to automatically create product information and marketing content
from master data

Copyright © Intelligent Business Strategies 1992-2024 6
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What Is Master Data Management?

Create
Update
Delete
l Master Data Management is a set
of policies, services, processes
aster Data

and technologies used to create,
Chart of Account: maintain and manage data
Customer associated with a company’s core
; business entities as a system of
Supplier record (SOR) for the enterprise
Employee

Product

v

!
-—
e 0
.
HR system Finance Manufacturing Customer service  Sales systems  Marketing Data Data Science
Systems systems systems system(s) Warehouse

Copyright © Intelligent Business Strategies 1992-2024 7

Business Benefits From MDM Implementation

= 360° view of core business entities, e.g. Customer, Product

= Sharing data across the enterprise

= Improving master data quality across all applications

= Consistent, better quality data-driven decisions and analytics

= Consistent integrated customer intelligence in all front-office channels
= Reduced cost of operating

= Optimisation of operations to speed up process execution

= Better business planning

= Legislative and regulatory compliance, e.g. GDPR

Copyright © Intelligent Business Strategies 1992-2024 8
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@ How Does Al Help In Master Data Management?

Create
Update
Delete

|

Chart of Accounts
Customer
Supplier
Employee
Product

0

HR system Finance Manufacturing
Systems systems

Customer service  Sales systems ~ Marketing
systems system(s)

= ‘Q@

Warehous

Data Data Science

e

Copyright © Intelligent Business Strategies 1992-2024 9
@ There are Different Types of Artificial Intelligence
= Machine learning
® Supervised learning
— Predictive models
— Prescriptive models (predictive models + rules = recommendations, alerts)
® Unsupervised learning
— Clustering
— Anomaly detection
= Deep learning
® e.g., Multi-layer neural networks for computer vision, language translation
= Reinforcement learning
* Reward oriented self-learning — e.g. Ray Framework
= Generative Al
* Uses embeddings and large language models
Copyright © Intelligent Business Strategies 1992-2024 10
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= General use cases
* Text generation

" What is Generative Al?

A subset of deep learning where multi-
layer neural network models generate
. new content such as text, images, audlo, E
video, code, and synthetic data in
~response to prompts based on what the
models have learned from patterns in the
i content they were trainedon

* Virtual assistant — chat
* Conversational search

.

Summarisation — text extraction

* Code generation

* Synthetic data generation

* Image generation and classification
* Video generation

= Benefits
* Improve customer and employee experience

* Productivity, automation
= Foundation Large Language Model examples:

* AWS Titan, Databricks Dolly, Google PaLM2 & Codex,
¢ Open Al Generative Pre-Trained Transformer (GPT4)
¢ Anthropic Claude

* Ease of use, lower skills bar
* Democratisation of D&A development

Copyright © Intelligent Business Strategies 1992-2024 "

Generative Al Has Emerged In Almost Every Aspect of Data Management

Data engineering

Data Modelling ?3 Data Virtualisation
—)
=

@ T Needed to build
master data
X,

-

Data catalog

Generative Al

©

DBMS / Lakehouse

X Yy
Customised LLMs E-E
Business Glossary Database
Migration
R
éasseg
Data Marketplace progycust Data Governance
MDM
Copyright © Intelligent Business Strategies 1992-2024 12
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- Al Can Help Improve Speed of Implementation
Customer Data Governance

@ A Methodology Is Needed To Build Master Data Entities When Implementing MDM

Product Data Governance

What steps in the
methodology can
be improved by

Discover
PRODUCT

Data /
Governance / i’
=
=
D

/ oa

SUPPLIER L Profile /)

Data
Governance /

Also

ASSET
SBV = Shared Business Vocabulary EMPLOYEE
ACCOUNT
MATERIAL
Supplier Data Governance = e | =T L
) ASSESS
Copyright © Inteimy,- _uategies 1992-2024 13

@ Master Data Governance Policies Also Need To Be Defined

= Several types of policy need to be defined to govern master data
* Master data integrity constraints
¢ Master data quality validation policies
* Master data cleansing rules
* Master data integration rules
* Master data provisioning policies, e.g. Language rendering, formats, etc.
* Master data access control policies (CRUD security)
* Master data privacy policies
¢ Master data sharing policies
* Master data lifecycle (expiration) policies ¢ )

How does Al help
in governing
master data?

= These policies can be applied to: } i\
¢ Individual data items
* All data items in a master data entity, e.g. Customer, Asset, Product
* Both

= Policies may be restricted to limit their governance capability
* e.g. limited to master data in a specific application or process

Copyright © Intelligent Business Strategies 1992-2024 14
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Implementing Master Data Management For Core Entities
— What Needs To Be Considered?
Start here go clockwise
Data Integrity
names & constraints Data
DQ definiions ~ (€.9. PKs, FKs) ~ model
Monitoring
Identity
Data Sharin management
/ provisionimj:;K
—> Validation rules
e.g. Customer

Access Securit¥ Data quality

policies profiling
Cleansing &
Privacy polici€s Enrichment

(e.g. Pll data)

Master data

CR_UD matching &
services Master data Virtualisation  consolidation

synchronisation
Copyright © Intelligent Business Strategies 1992-2024 15

A Shared Business Vocabulary Is The Anchor Point For Data Provisioning and Data

@ Governance

SBV = Shared Business Vocabulary

Define all

Common
Master Data,
attributes

/ oo

\ Profile /

SSESS
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A Good Way To Start A Business Glossary Is To Create A Business Data Concept
Model

= |dentify the data concepts, properties and relationships and construct a data concept model

= |tis good practice to highlight all master and transaction data concepts in your data concept model

Business Data Concept Model Example

|

5
] =

Party

Some vendors provide
complete definitions for
business data entities and all
their attributes to get you
started quickly, e.g., Collibra
uses Schema.org, Microsoft
has a CDM

Copyright © Intelligent Business Strategies 1992-2024 17

Steps To Creating A Common Vocabulary — From Data Concept Model To Master
Data Product

1. Identify the data concepts, properties and relationships and
construct a data concept model

2. The data concepts become the ‘skeleton data entities’ in Data Concept Model Example
the common vocabulary

,,,,,

Datg concept

3. Each data concept and its attributes should be defined in
the business glossary as a data entity with a data owner
¢ Including master data entities

VVVVVV

4. Use the catalog to discover the data for each master data
entity in underlying data stores across the data landscape

5. Design DataOps component-based pipelines to create the
master data entities (master data products) with common
vocabulary data names and store them in an MDM system

6. Publish all master data entities stored in the MDM system
as data products in a data marketplace

Copyright © Intelligent Business Strategies 1992-2024 18
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D

Several Communities Are Likely To Be Involved In Defining Common Data Names And
Definitions For Each Master Data Entity In A Business Glossary
Communities may include a mix of IT and subject matter expert (SME) business users
SME steward steward
s\‘ . . \V\S\’ . . steward S\‘\. . . o
Customer Product Suppller
stewar
- S &
steward owner steward owner spevard owner
Business
Glossary
Data catalo
Copyright © Intelligent Business Strategies 1992-2024 19

D

Using Generative Al For Data Catalog Metadata Enrichment
— Auto-Generation Of Business Term Descriptions In A Business Glossary In Atlan

(W

Business Glossary Data catalog

Torm Summary G

O Al Glossaries

Al gpnerate”""' e '
Sumrtary
Relev: B
Source: Atlan
Add a Readme, pick from a template and auto generate
the Readme text using a generative LLM
Copyright © Intelligent Business Strategies 1992-2024 20
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@ Master Data Modelling

/Provision /
/ Master Data

"DENTIR,

SBV = Shared Business Vocabulary

—.awcgies 1992-2024
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@ Can Use Generative Al to Help Build Data Models

Data Modelling Using Generative Al — Ellie.ai Is a Popular Data Modelling Tool That

Data Modelling

Use natural language prompt-

based data modelling

i

Copyright © Intelligent Business Strategies 1992-2024

22

Copyright © Intelligent Business Strategies 1992-2024

11



15/02/2024

@ Data Discovery Of On-Premise And Cloud Data Using a Data Catalog

Data discovery is a

D,
key element in an o EF//VE
enterprise data °
management Oé\

continuous @)
improvement
process

Monitor

/

g
7
2 ,./Provision

y

SBV = Shared Business Vocabulary N . —
ASSESS
Copyright © Intelligein — - ___ _.awcgies 1992-2024 23

The Role Of The Data Catalog — Automated Data Discovery, Al-Classification, Data
Quality Profiling And Cataloguing of Source Data

Data Governance

Data
catalog

data discovery, classification & data quality profiling

w

.",workdoy. OLTP systems
Marketo

: AR - B : 0. o O
e L e e © e
At slack P Systems / ) ' Files Ji Content . @ ® é (s ) =]

s7.mondayen |
'

Analytical Systems
-~

22 propbox

Dynamics 365 ; A Azure aWS D i i loT data

[} Adobe Experience Cloud
Google Cloud

Saa$S Applications Cloud Based Applications On-Premises Systems Edge Devices

We need a data catalog to automatically discovery what data is available, its quality, sensitivity and where it is across the landscape

Copyright © Intelligent Business Strategies 1992-2024 24
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@ Data Catalog Products — A Very Crowded Market

= Alation = |IBM Watson Knowledge Catalog

= Alex Solutions = Informatica Enterprise Data Catalog

= Alteryx Connect = Microsoft Purview

= Amazon Glue Catalog = Oracle Cloud Infrastructure Data Catalog

= Apache Atlas (open source) = Qlik

= Atlan * Enterprise Data Catalog

= Ataccama ONE Data Catalog * Talend Data Catalog

= BiglD Data Catalog = Quest (formerly erwin) Data Catalog

= Boomi Atomsphere Data Platform Catalog . go:;klet Software (formerly ASG) Intelligent Data
atalog

= Cambridge Semantic Anzo Catalog
= Cloudera Data Platform SDX Catalog
= Collibra Catalog

= SAP Datasphere Catalog (cloud)

= SAS Information Catalog

= Salesforce Tableau Catalog

= TIBCO Cloud Metadata Catalog

= Top Quadrant TopBraid EDG Data Catalog
= Truist Zaloni Arena Data Catalog

= Databricks Unity Catalog

= data.world

= Denodo Catalog

= Google Cloud Data Catalog

= Hitachi Vantara Lumada Data Catalog

Copyright © Intelligent Business Strategies 1992-2024 25

Human Assisted Al Automated Data Discovery Seeks To Determine What Data You
Have And Find Complete Data Objects Across Heterogeneous Systems

Custome

= Automated grouping of tables across multiple systems
into business entities

Copyright © Intelligent Business Strategies 1992-2024 26
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To Get A Single View Of Master Data You Need a Master Data Common Business
Vocabulary with Global IDs AND Use Al to Help Map Sources to Business Terms

Mortgage system

Card system
ID = Mortgage Number

ID = CCard Number

Client_Nam

Client_Addr
= \ ID = Party_ID

2 party Fi
d y_FirstName ¢
\“ Party_Surname b‘\

<> K
‘\‘\“ Party_StreetNo :0‘

CardHolder_Forename
Cardholder_Surname
Cardholder_Address

(\

ID = Loan Number

ID = Account Number

C_Name Party StreetName Acc Name
C_Address Party_City Acc_Addr1
CCity — . Acc_Addr2
Loan system Customer Acc_Birthdate
Master Data -
often uses a generic Savings system

party model

Copyright © Intelligent Business Strategies 1992-2024
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Automated Data Discovery, AND Mapping To Common Business Terms In The
Business Glossary Using Data Catalog Crawlers, Rules And Machine Learning

Mapping to a business
glossary allows the Data Catalog
meaning of data items
to be understood

Business Glossary X
Customer Product ~ Order + Physical data names
Customer_ID —

Customer_First_Name

= = S
Customer_Surname 4\ + earcl
?.ustcmeriDOB indexes

A A

Oracle Azure SQL S3 MongoDB Hadoop

Copyright © Intelligent Business Strategies 1992-2024
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Enabling Glossary Business Term Association In Informatica IDMC Data Governance
and Catalog To Map Physical Data Names To Business Terms in a Business Glossary

¥ Informatica Metacata Command Center v INFA CDGC PM P e 2
+ N
¢ Amazon Redshift <Back Next> x
(1) Registration @ configuration (3) Associations. (@) schedule
© Metadata Extraction~ Data Profiingand Qualty - Data Classification -~ Relationship Discovery ~ Glossary Association

Enable Glossary A

v @

° Thveshold for ‘0 O %0 J* ©

Informatica, can automatically ma
business terms in a business glossa

hysical data names to
Nt does this by using

that it can map it correctly. You can specify a threshold for
the confidence score above which it will automatically
assign a business term to a physical data asset.

« collapse

Source:

Copyright © Intelligent Business Strategies 1992-2024 29

Informatica MDM Al-Driven Smart Field Mapping — Based on Name Similarity

» Exact Field Name mapping - Matches fields of the same name.
» Smart Field Mapping - Matches fields with similar names

» E.g.Ifanincoming field Cust Name and a target field Customer Name,
it automatically links the Cust Name field with the Customer Name field

New <[] File Import

N Home p

. DT L — o ]

e
®POMtS  apthe columns from your source fil to suitabl target business entityfelds, rlationships and hierarc hies. If ‘the field group.
O search
Source (Sites.csv) < Torget ‘Smart Mapping Applied @

prp—

; P— sou [

SR
Sewcias T T

L
e =

rrpe
- TS = prmm— X
e p— = < e
e— = A
gy —
p— x e
E— -
P e
oy Burbank e ° DEFAULTINDICATOR x ®
oy = e—— e
o -~ E— x ®
T - pov— P x o
PPOSTALCODEEXTENSION =] L]
o = 5

Source: Informatica Topyright © Tntelligent Business Strategies 1992-2024 30
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Generative Al In Data Catalogs
— Automated Metadata Enrichment Using Atlan Al To Generate A Description Of An Asset

@ FCT_ORDERS e o a x| @ wor - as ssets X | @ image (@)png (261 X | +

- C @& activate.atlan.com/assets/4d3|

B O e . FCT_ORDERS
- table currently has
. FCT_ORDERs & ST oon ~r L.
. ) = oo 1 no description
Overviow Columns 2 Lineoge '*'\“
231,412 24 442M8 \
Table Summary &
. . Request Atlan Al
u owlakstest.comection to generate one
bankavarun peter.swigert rohan -
B
° b ) r
A &5
Sample d ° =
Ask Trident Al &
B Data Q ‘
| ORDER_ID 2 ORDER_LINE_ID + ORDER_DESCRIPTL. & STOCK_ITEM_ID + sTO ORBIHILY
15 1 s : 2 g
1 2 ide
p 3 o &
Data catalog
Source: Atlan Copyright © Intelligent Business Strategies 1992-2024 31

Atlan Generated Contextual Description
— E.g. The Description Includes The Database The Table Is In, The Schema

@ FCTORDERS X Glos: x e x x Atlan tion Vor e g v
0 assets/ad3b713 56479238d7/overview (u] §
sets  Activate Q Search A H v Y
: o i

Data catalog

| Generated
description

| User can accept this
2 by clicking “Apply”

i | The user can also

Ask Trident Al B2 2 442m8

« | edit the description
# oausn_mw. i ORDER_LINE_ID C ORDER_DESCRIPTL.. = STOCK_ITEM_ID usm _ before accepting it
1 2 6 Ride
2 ba
2 Develoy a
a6 L
% 1 32m
2 10 uss A
. &
3 114 °
Source: Atlan Copyright © Intelligent Business Strategies 1992-2024 32
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Generative Al And Data Catalogs - Automated Metadata Enrichment Using Atlan Al To
Auto-Generate Column Descriptions And Business Data Names

@ FCT_ORDERS X @ Glossary rof % | §8 AtanDescription - X = @ WorkflowCenter X | @ Snowflake Assets X | @ image (4).png (2
- c & activate.atlan.com/assets/4d3b7135-df 956479238d7/overview h & H
B O A Q Search : @ Peterswigert -

FCT_ORDERS @ =6
- e el Data catalog
Overview  Colums g [a;
=
ez sazmB
;
b peterswige h
@
& &
Column Name. Data Type D ASKATLAN Al @ fctients .
ORDER_ID E
ORDER_LINE_ID ° ™
ORDER_DESCRIPTION
STOCK_ITEM_ID .
STOCK_ITEM_NAME B Das G &
BRAND
QUANTITY Quantity requested to be fulfled
UNIT_PRICE
Source: Atlan . ] . i
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Atlan Al Activity Shows A Log Of The Column Description Changes Made By A User
Using Atlan Al

@ FCT_ORDERS X @ Glossary referen x | §B AtanDescription - X | @ Workflow Center X | @ Snowflake Assets X | @ image (4).png (2 v
€ C @& activate.atlan.com/assets/4d3b7135-dfa0-4 5-7956479238d7/overview o % :
== Q Search B e 0 D @reciswgen- U

. FCT_ORDERS @ — = el Activi
; CS 18 WIDE_WWORLD.IMPOR il Al . Data catalog

Overview  Columns 24

2 | Accepted Al-

ing = | generated column
. L descriptions are
immediately visible

Column Name Data Type Description

ORDER_ID

The activity log

The STOCK_ITEM_ID

Tock_Ten 1 \Qhows they were
Tefloe TNt updated by a user
. using Atlan Al

Source: Atlan
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Generative Al In Data Catalogs - Automated Metadata Enrichment Using Al-Generated
Column Descriptions In Collibra

#& Collibra @ a =t A ‘o
0 Ass "

Data catalog

Statistics ~

Source: Collibra

Copyright © Intelligent Business Strategies 1992-2024 35

Generative Al In Data Catalogs — Automatic Al-Generated Metadata Enrichment At
Scale During Source Data Discovery In Atlan

e C @ activate.atlan.com/workflows/setup/atlan-snowflake ( fr H
B Vorkdow conter Q : o © - e @
Snowflake Assets

@ Snowflake Assets Data catalog

Auto enrich using Al Select what tadat "
elect what metadata you wan
Des&ﬂ;[m T— y

automatically generated

CONNECTOR

As Snowflake data assets are automatically discovered in Atlan,
generative Al can be invoked to auto-enrich the metadata

Source: Atlan
Copyright © Intelligent Business Strategies 1992-2024 36
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Several Vendors Support Predefined Classifiers To Classify Sensitive Data Types
— E.g. 200+ Pre-Defined ML Model Classifiers Used In Microsoft Purview

Sensitive info types

These are examples of very specific

Examples sensitive data classifications

* People’s names

* Phone numbers

* Email addresses

* Postal codes

» Passport numbers

» Driving license numbers
» Social security numbers
* Credit card numbers

* Bank account numbers

You can also add your
own sensitive data types

Data Content
d S
g ' ity Can'g ° .
00 OO T M e BE O
- ) S You need to identify where . = slack “oom
Files RDBMS Hadoop NoSQL Cloud storage this sensitive data is in all X % - g
data stores and content @ E ﬁ n‘ *
Copyright © Intelligent Business Strategies 1992-2024 : 37
Data Profiling On-Premise And Cloud Master Data Sources
/Master Data
Entity /
/Integrate/
DQ
Profile /
SBV = Shared Business Vocabulary
ASSESS
Copyright © Intelligein -1 __ _.awegies 1992-2024 38
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Automated Data Quality Profiling
— IBM Cloud Pak For Data & IBM Knowledge Catalog

Dataassets > BANK_CUSTOMERS ©Prodewmode 2kt Atge [ roni |+ Addrie + Addriasr

Projects > DatalakeWorkspace
Columns  Governance  Dataquality  Dataclasses  Datatypes  Rules  Primarykeys  Foreign keys Publish puts the DQ metadata
into Watson Knowledge

BANK_CUSTOMERS I¢ catalog for all to see

Columns (16)
Description
No description. Search for a column o & @ Customize display
Data quality score 95% §-2% I
Columns 16 » a Name A:':;':‘ m:::.d ::: Term Format  Nullability  Uniqueness  Minimum Maximum
Rows 500 -

Reviewed

[0 & customer_i0 © Completed last month R + . 9999 o 1320 2279
Threshold 80%
Analysis status Outdated Per
Last analysis Mar 23, 2020 a NAME @ completed Last month Name 100" A = Abdul R Peterson  Zoe U Ankenbrock

*C/O E.H. KRAUSE
ADDRESS © completed lastmonth Text Address 100%  +3m NA

O

Find a column INDUSTRY TX
L 99999
O zp @ Completed last month 01815-0008 NozIP
Name 999
Score  Delta
(physical)
P custo.. 100 O CREDIT_RATING © completed  tast month oc 999 6 8.
NAME 100
[ Completed last mont 9.9 8 9
e 5% O AGE @ compl last month 1
2P 7 0% I m] GENDER @ completed last month A E i
CREDIT.. 100% O
AGE 99 o ] MARITAL_STATUS @ Completed  (ast month Marital status 200%  + 1 aaaaasa ohabitant widowed
GENDER 100
Source: IBM
YTy ) 39

Informatica Allows Data Quality Rules To Be Defined Using Natural Language And lIts
CLAIRE Al Engine Will Recommend A Data Quality Rule

Select Technical Rule Reference

Describe the rule O

ID cannot be null

Source: Informatica Copyright © Intelligent Business Strategies 1992-2024 40

Copyright © Intelligent Business Strategies 1992-2024
20



15/02/2024

Generative Al in Data Governance
— Defining Data Quality Data Validation Rules Using Collibra Al Assistant

: @ @
Collibra Al Assistant X
Prompt*
w 3
s s d name ]
SELECT * FROM test.expense_reference WHERE expense_limit > 1000 AND last_name I
§ NULL L3
Close

Source: Collibra Copyright © Intelligent Business Strategies 1992-2024 41

Generative Al In Data Governance — SodaGPT Lets Business Analysts Create Data Quality
Checks In Natural Language That Can Be Shared With Data Engineers To Fix Data
€ > O @ demo.soda.iofo/38378 6-4611-bBeb-411329819| eement te?step=checksalal Report&dat S 179-40¢1-20 "% OC »0©
ME & EGeEBEOOE A L O 0o e e BROOEB®MY OB N @cworr mp B3 Part
SODA Product Team Demo Organization x - Data
Governance
New Agreement
SodaClL is a
This automatically generates low code
SODA Check Language (SodaCL) abstract
fi ts to check for data language built
ICIIRIOME ) on SQL and
quality problems Spark
Copyright © Intelligent Business Strategies 1992-, 42
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Generative Al In Data Governance — It Is Also Possible To Automatically Extract And
Generate Data Governance Rules From Documents, E.g., IBM Knowledge Catalog
® © 0§ BMWatsonKnowledgeCatalog X g BM Wat: x| +
. . - Data
Governance
Done 12 2
MONEY LALU \I)},kl:(; RED FLAGS ‘ h ;
cash deposit may rnat
ot
could involve wire transfers wie tanste
customer may receive many small incoming wires e tansie
Copyright © Intelligent Business Strategies 1992-2024 43
Where Are We? — Data Cleansing And Integration
/Master Data
Entity /
/ oa
Profile /
SBV = Shared Business Vocabulary
ASSESS
Copyright © Intelligein -1 __ _.awegies 1992-2024 44
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D

Federated Operating Model — Business Strategy Aligned Teams Producing Data
Products and ML Models Using Common Data Fabric and a Data Catalog

Business < r-l_n‘r.;&l-—l .
Data producer teams Strategy F*L s :-'i C-Suite

S
are not central IT and A federated organisational set-up
should be able to use @2 CDO or CIO
the Data Fabric platform Office +
. A rogramme Office
without needing IT A Data & Analytics Analytical
a

>

ffi
al
Centre of Enablement ecosystem
£§82234 I ing )
Streaming
analytics
2 2 2 -t;»
>3

consume

y i
Analytical Systems S m

OLTP Systems

"
Marketo '
:
ORACLE .
ETSUITE : Analytical

= i -5
b ' PN N e
At slack ! Systems N Files Content [ @ [ -] ©
#/.mondayc. | / | 1
33 Dropbox ; On-Premises Systems ! Edge Devices

Dynamics 365 | ) 4
Adobe Experience loud SIS Multiple clouds | i loT data
[A] 2 i :

Copyright © Intelligent Business Strategies 1992-2024
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Integrated Master Data Can Be Considered As Master Data Products In A Data Mesh

Customer
Product

= Employee

= Supplier These are master data products

= Asset

= Location
The problem is they are cross domain

= Financial Chart of Accounts «—————
They are needed in a Data Mesh

1. Master data needs to be owned

2. Master data pipelines need to be developed
3. Master data products created, stored in an MDM system and published in a data marketplace

The same data fabric technology can be used to create master data products and all other data products
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Prompt-Based Search and Al-Assisted Question Generation in Data Catalogs
- Product Example: Data.world

Al-Assisted Search Automated Al-Assisted Question Generation

od Generate questions
all approved tableau dashboards

Resources

Below are a list of questions that this Catalog may be able to answer. Select any or all of the questions to save them to a
Filters Adiaend - Colliseaall 4 resiits e project or dataset where you can generate relevant queries.

b Searchwith Archie Al Show que 0

Resource Type: Tableau Dashboard «  Status: approved [ Whatis the total number of assets assigned to employees?
) Tableau Dashboard

Refine your search
(J  How many assets are currently unassigned?

& intec
Binitch Collection: Tableau Catalog ~  Tech Owner:mododge Tag: order

m}

Steward: alex huckabee Popularity: Unpopular What is the most common asset category in the inventory?

(0 How many assets have reached their end of service date?

Eacrive ol Brafesblity What s the percentage of assets currently in service?

Kl iy iy O How many departments does the company have?

(J  Whatis the total number of locations where the company operates?

'5!‘" == (J  Whatis the number of studies conducted by the customer?

S vy O How many customers have a specific address type?

Source: data.world

data.world now has generative Al bots called Eurika bots
Copyright © Intelligent Business Strategies 1992-2024 a7

Use Data Fabric To Create Data Products To Publish In A Data Marketplace — Create A Pipeline
That Produces a Master Data Product For Master Data Each Entity Your Glossary

| Ingestion zone .| Curation zone - | Trusted zone
NoSC{L Business ready
B : : data products
i" T? = : : (common vocabulary)
lo) i ; Data
clickstream : : marketplace
web logs Data Fabric DataOps Pipelines
XML, Customers Data Product Pipeline —
.\J,?é)bN ’ ; catalog
services i

-— .
C—p
data
product

Produts Data Product Pipeline

RDBl\ﬁi (wiite, data cortlsurgetrs
L Project A A ¥ access tne data
. “ﬂ P Suppliers Data Product Pipeline marketplace to shop
social : data for business ready
products data and analytical
Cloud products
3 Master data products
) : will be stored in an
Files : MDM system and
) i published in a data
officeidoes 3 3 marketplace
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Generative Al In Data Engineering
— SnapLogic SnapGPT Prompt Based Data Engineering

D

Data engineering

@i BT owre - e ow YUY Yo—
Intelligent Integration Platform ‘V‘Jvd - ® BOoR <
Snaps Pipalines Pattoms 4 ¥, - X CSVFiteranawrie3 X AR new pipeline o'
[c -
=

csv

[ Generated pipeline p

revie

Import the pipeline

UPY YT eIy et DUSTTSS Ot TITZZUZT

49

Generative Al Prompt Based Data Engineering
— SnapLogic SnapGPT Pipeline Configuration Wizard

Data engineering

FITE O o == [

Intelligent Integration Platform

Pipeline Configuration Wizard
Configure settings for File Reader

File* =

Snaps Pipelines Pattems @ b, 4= * CSVFiterand writed  CSVFiter and Wites x|

= | PreventuRL

encoding

Enable
staging

retries

Retry
interval

‘ Numberof = o
| (seconds)

Advanced properties
FlleReader | CSVParser \} Mappee () Fiar

Properties Values

Snap | vaiidete + txecute
Execution

Source: SnapLogic
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Data Cleansing Is Important Before Attempting A Match
— Product Example: Cluedin Cluster And Edit Uses ML To Find Similar Data To Standardise

x | [l Cledin- Risne

x | B Cluedin - Prepacation X " Employee'sData Cleaning Projec X T hromidpad - Anwe Data Factory X |+

bloyee's Data Cleaning Project rermalink
lo2/2
,,A"‘ Remove All | | Show as: rows records Show: 5 10 25 50 rows
v Al v OriginEntityCode '~ Name | ¥ Description | ¥ employee.email | employee. '~ employee|
employerld
Cluster 1. /Employee#Cl F76B927E-3D8A-4776-8B98-FE1DB36EED25):5  Riane rdayley4@elegantthemes.com 32 Software Test |
2. [Employee#Cl = = -
FE‘E:”%EE; Cluster & Edit column "employee.country’
3. [EmployeeiCl
FEIDBIGEER 11 foature helps you find groups of different cell values that might be alternative representations of the same thing. For example, the two strings "New
4 [ETOEEC  york” are very likely to refer 1o the same concept and just have capitalization differences, and "Godel" and "Godel” probably refer to the same person. Fil
Method | key collision v Keying Function
FE1DB36EEQ
6. /Employeesc|  Cluster Size  Row Count  Values in Cluster Merge? New Cell Value # Rows in Cluster
(e 31 « United States r 0 United States i
8. | Emplo ' e United States of AY‘V(‘:H‘(‘,ZI .
FE1DB36EEQ
9. [EmployeetC| o 51  Braz 0 Brazil
FE1DB36EED o Brasi Average Length of Choic|
10. /Employee#Cl|
FE1DB36EEQ l
.
FE1DB36EED
12. /Employee#Cl| 6 9
FE1DB36EED i _
13 Length Variance of Choi
FE1DB36EEQ
14. (]
FE1DB36EEQ
15

. [Empioyee#C} T
\w Fsme:teEEi i

Source: Cluedin
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Automatic Inferred Lineage Discovery Using Graph Analytics
— Hitachi Vitara Lumada Data Catalog Suggested (Recommended) Joins

£ Lumada Data Catalog Home Browse  Glossary  Dataops  Manage  Favories Q Pa

Virtual Folders Ccampaigndw Campaign ad.csv Lineage

Help? About

B Campaign A2003.csv

Resource Name: Campaign_Ad.csv 0 < n
nsitv rati ¢ Expert(s) i
sensitiy: ® Curation Leve © NA Fiels: 1
orign campaignow Usage Level © Records: 15
Rating: ok ok ok 2 Subscribers: 2 Modified 1121720 12:18 PM
overview Flelds Lineage Properties Discussions Data Objects Data > Blue Mind DETAILS
Find in grap! view@  ~ Field lineage: (off) 1B (on) Upstream 1~ M Q Q @
Suggested Operation (SUG
GESTED)
Jon
Actions
eports +ADD SOURCE
BCampaign_Sids
- v ACCEPT LINEAGE
CampaignDW @ % REJECT LINEAGE
B Campaign_A2003_nh. -
== o @ VIEW MAPPING
%

B Campaign_DG.csv

Expression
expression detais here
Description
primary ineage: JOIN :
7’
Comment
2020 Hitachi Vantara LL 5
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Guided Data Cleansing and Transformation
- SAS Data Studio Offers Suggestions (Recommendations)

= ‘SAS® Data Studio - Prepare Data a s @®

T
H
1
H

MYCREDITSMS

Center and scak
, Contor and scal
Convert colums

Sandard :

Reltio ML-Powered MatchlQ
— Automate ML Driven Matching and Merge Based on Scoring
Prepare data, train and review an ML model, review results to determine accuracy, approve models

<« c idev-0 le.reftio.com) ity ant=QGDEHVCK3ZZH * oeoo0mB »Q :

= Relto ¢ Machia [3 . # @

i Etemalmatch HCP models ~ + ADD NEW FRY

Source: Reltio
Copyright © Intelligent Business Strategies 1992-2024 54

Copyright © Intelligent Business Strategies 1992-2024
27



15/02/2024

Reltio ML-Powered MatchlQ - Specify ML-score Thresholds to Trigger Automated
Merge Or Other Matching Actions On MatchlQ Pairs

Publish settings: Individual Match 1Q 003

+ ADD MORE ACTION

Source: Reltio
Review recommended matches in the potential match screen
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@ Informatica MDM — Train ML Models for Al-Driven Match and Merge

A Home
W Eplore

B My import/Exp

B sosiness Evenns

1B Myobe
O sy

Global Setngs

Source: Informatica
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Batch Oriented Master Data Matching And Consolidation
= Matching = Consolidation
* Matching is the process of comparing two * After duplicate records have been identified in the match
records for points of similarity process, the consolidate process merges duplicate records into
a single record
* If sufficient points of similarity are found to ) ) )
K Master ID  First Name MN  Last Name  Address City State  Zip
indicate that the two records are probably MDM
duplicates of each other. then those records are System | M-0001 Abel Noel Willan 161 Washington Ave. Buffalo NY 14263
] A
flagged for consolidation b N
« The columns used for comparison purposes are sal SFA_ID Firsk Name M LastiName  Address City State  Zip
ales
called match columns 12345 Abgl [willan | [ 161 Washington Ave. Buffalo NY 14263 |
e Each match column is based on one or more Cust_ID Firyt Name M LastName  Address City State  Zip
. Accounts
columns from the base object 502068  Abel Noel |willan 161 Washington Ave. Buffalo NY 14263
¢ Match columns are combined into match rules Target_ID  Firft Name MN Last Name  Address City State Zip
H it H Marketing
to determine the f:ondlt|ons unde_r which two willan05 | Abel N Willan Elm & Carlston Streets Buffalo NY 14263
records are considered to be similar enough to
consolidate
Source: Informatica Copyright © Intelligent Business Strategies 1992-2024 57

Al In Data Governance - Al Assisted Data Stewardship

= Automated detection of poor quality data
otaceamq | one

CATALOG

= Automated data correction

Demographic T Dashagugy
= Guide data stewardship decisions using
recommendations

D33 Qualty Oy T Anomalies

‘ J | = Automate mundane data stewardship tasks

Overall qualty i 35 ey
than expecteq

= Self-learning data steward

* Track data stewardship decisions and learn
3 [ Full name quality is 1% ower frOm these

than expecteq

e o
o e et se st

Open 10 more
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Why Is Assisted Data Stewardship Needed In MDM?
- Matching Anomaly Resolution

Load 18 million customer

A 1% failed match referral
rate is 180000 manual
resolution tasks!!

-

records into MDM

failed match

Data Steward
(manual resolution)

three years to complete all tasks

Copyright © Intelligent Business Strategies 1992-2024

A single data steward performing 150 manual
resolution tasks a day would need more than

59

D

Using Al To Assist Data Stewards In Master Data Management Matching By
Automating Suspected Duplicate Resolution

Training
data

captured past
decisions by
data stewards

train

Suspected
duplication
resolution model

Load 18 million customer
records into MDM

failed|match

A 1% failed match referral
rate is 180000 manual
resolution tasks!!

duplication resolution

(predicts how a human data steward
would resolve the failed match)

Copyright © Intelligent Business Strategies 1992-2024
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@ Al Assisted Data Stewardship — Phased Deployment Of Al

= Step 1
¢ Introduce the trained model to

Are they the same?

recommend to the data stewards ~—_— o
how to resolve the suspected ‘ ’ ’ ‘ Master Data Management with
3 Matching Algorithm
duplicate woise  mo
. . NAT: German NAT: German Autolin
* Data steward simply reviews and sossmmss ooasaanins ez ——
approves \swason _ sswasny / a3 Mako Prodicion YT

Total: 16.2 m — B

Retrieve Task

— [ e
= Step 2 @ =
&

¢ Automate the process above a

|

model prediction confidence level \ Rmm [—
0,
threshold (e.g. .>95 %) once data ®, @ @
stewards trust it Task - Preciction el
Copyright © Intelligent Business Strategies 1992-2024 61
Where Are We?

— Provisioning / Synchronising High Quality, Commonly Understood Master Data

Monitor,
Protect,

|
A Secure /

' Master Da.»

Entity
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Enterprise Data Marketplace Operations - Facilitate The Publishing, Sharing and
Governance of Data and Analytical Products

Master Data Products

ready-made data &
analytical products

External provider
data products

data Data & Data Marketplace . '
producers 8 8 analytical — data & analytics Find
roducts consumers Access
Use

shop

Virtual data P
products PUBLISH 5t data Rate
Enrich
Q 7 LS e - agreement] Share

Synthetic data Follow
]

ML models

Al Apps & Al bots | I
Bl Reports near future
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Business
Data glossary,

lineage,
G policies

Catalog D

Key Elements In Enterprise Data Sharing
— Governance Publishing Of Data Products
= Quality assurance and governance of data products is needed before they are published in
a marketplace for consumption
i Data Qualit
EU?IHSSS Glossary + ata Quality score v Data product
ata Lineage Common data names (business glossary) v quality
+ Data Freshness assurance
+ Data Owners Full metadata lineage v
Access security policy defined v
Privacy policy defined v
Retention policy defined v
Version management N4
Data sharing agreement defined v
Tagged by business objective v ‘W k
Data product ) : i - Data marketplace
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Generative Al In Master Data Management (MDM)

— Product Example: ViaMedici Product MDM & Al-Powered PIM Text Generation

7S

viavepicl ) @@

mated texts (@)

ViaMedici infuses prompts with master data
and passes them to an LLM to generate
briefing text, a marketing poem and
marketing tweets for a product
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About Mike Ferguson

www www.intelligentbusiness.biz

A -4
YW, mferquson@intelligentbusiness.biz

Mike Ferguson is Managing Director of Intelligent Business Strategies Limited. As an
independent IT industry analyst and consultant, he specialises in Bl / analytics and data
management. With over 40 years of IT experience, Mike has consulted for dozens of
companies on Bl/Analytics, data strategy, technology selection, enterprise architecture,
and data management. Mike is also conference chairman of Big Data LDN, the largest
data and analytics conference in Europe and a member of the EDM Council CDMC
Executive Advisory Board. He has spoken at events all over the world and written
numerous articles. Formerly he was a principal and co-founder of Codd and Date — the
inventors of the Relational Model (which caused the birth of relational databases and the
SQL language), and Chief Architect at Teradata on the Teradata DBMS He teaches

ah
X @mikeferguson1

@ (+44) 1625 520700

popular master classes in Data Strategy, Data Warehouse Modernisation, Practical
Guidelines for Implementing a Data Mesh, Big Data, How to Govern Data across a
Distributed Data Landscape, Machine Learning and Advanced Analytics, and Embedded
Analytics, Intelligent Apps and Al Automation

Thank You!
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DATA GOVERNANCE AND
MASTER DATA MANAGEMENT
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*Please score and comment on this session and spea ker
in the event mobile app*
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